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Fig. 1 Schematic diagram of X-ray inspection process of the casting
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Fig. 3 Schematic diagram of casting defect segmentation detection based on gray sequence feature
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Research Progress on Intelligent Detection and Recognition Methods for
Casting Defects Based on X-Ray Images

WU Bo, JI Xiao-yuan, SUN Xiao—-long, ZHOU Jian—xin, YIN Ya-jun, SHEN Xu

(State Key Laboratory of Materials Processing and Die & Mould Technology, School of Materials Science and Engineering,
Huazhong University of Science and Technology, Wuhan 430074, Hubei, China)

Abstract:

The research progress of four kinds of task solutions based on X-ray images of casting defect location
detection, classification recognition, integration of detection and classification, and defect image simulation
generation were reviewed. The existing methods of intelligent defect detection and recognition were
compared, and the future research directions were prospected.
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